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Fig.1 Comparison between the convex combination

strategy and the traditional strategy
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Table 1  Evaluation criteria of convex combination moving average strategy and traditional moving average strategy
R LR % TR AR % JHE% /% BT S ONLE 20 R %

- TMA CMA TMA CMA TMA CMA TMA CMA TMA CMA TMA CMA
5~10 -1.42 6. 44 -34.33 43.36 40.27 37.5 2.18 2.28 -75.04 -73.31 -39.38 91.18
5~20 9.12 16.57 80. 99 227.47 40. 74 46.38 3.06 2. 66 -57.88 -56.54  90.55 185. 83
5~30 6. 83 11.34 48.5 117.73 40 42.31 2.8 2.58 -67.86 -66.76 49.95 104. 88
5~60 7.9 8.58 63. 04 72.85 35.9 31.43 4.55 4.36 -63.98 -68.47 32.64 42.18
10 ~20 5.24 6.52 28.59 44.41 38.24 40. 00 2.82 2.27 -62.64 -69.52 37.22 57.94
10 ~30 8.94 12.31 78.34 135.44 58 48. 89 1.56 2.23 -58.21 -63.59 75.37 112. 96
10 ~60 7.2 9.91 53.37 93.46 40 34.62 3.63 4.27 -68.58 -67.82 26.69 43.95
20 ~30 2.67 6. 64 0.77 45.93 50 43.59 1.53 2.05 -73.07 -73.92 9.1 43. 11
20 ~ 60 3.02 5.69 4.26 34.07 51.85 46. 15 1. 61 2.20 -65.52 -59.80 8. 87 33.90
30 ~60 3.89 5.31 13.4 29.47 37.5 34.78 2.88 3.08 -69.69 -68.96 10.69 23.33
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Fig.2  Comparison of the performance of ten MAs
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A moving average trading strategy based on convex combination

LIU Xiao'

DING RunYing'

WANG ShuHui**

(1. School of Finance and Banking, University of International Business and Economics, Beijing 100029 ;

2. School of Economics and Management, Beijing University of Chemical Technology, Beijing 100029, China)

Abstract ; As the effectiveness of the market increases, the traditional moving averages strategy—one of the impor-

tant indicators in technical analysis—has gradually become invalid. This article describes an improved moving aver-

age strategy based on convex combinations and gives the strategy trading rules. The moving average strategy back-

testing results of different date parameters of the closing price data from October 17, 2005 to December 31, 2017

show that our moving average line strategy based on convex combination performs better than the traditional moving

average strategy, and the convex combination strategy of date parameter combination 5 —20 performs best. Thus the

moving average strategy based on convex combination clearly has better application value.

Key words: moving average; convex combination; strategy improvement

(it 2 %)



