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Fig.1 The network with 5 customers and 8 edges
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Fig.2  Flow chart of the PSO-GS algorithm
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Fig.3  Performances of the different algorithms in a solving 1-maxisum model with different densities
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Fig.4 Performances of the different algorithms in a solving 1—maximin model with different densities
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An effective hybrid heuristic algorithm for
solving undesirable facility location problems
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(1. Faculty of Science; 2. School of Economics and Management, Beijing University of Chemical Technology, Beijing 100029, China)

Abstract: The objective function of the 1—maximin model is piecewise linear and concave. Based on the character-
istics of the 1—maximin model, this paper proposes a hybrid particle swarm optimization —golden section (PSO-GS)
algorithm to solve the 1-maximin model effectively. Numerical experiments show that the PSO -GS algorithm solves
the 1—-maximin model and the 1-maxisum model more efficiently than either the UnCenter or Newalgorithm algo-
rithms.

Key words: undesirable facility location; heuristic algorithm; particle swarm optimization —golden section ( PSO -

GS) algorithm
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