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Table 1 ~ The relationship between neuron bias and
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Table 4 Training dataset for the counter problem
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Table 5 Experimental results for the counter problem
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Fig.2 Three network solutions for the counter problem
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Fig.3 Topological structure of the third order
counter network
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Table 6  Results of maze path covering problem
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Fig.4 Network solutions for the maze path covering
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A genetic algorithm-based binary neural network generator

LV YangPeng' LI DaZi'
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TAN TianWei’

(1. College of Information Science and Technology; 2. College of Life Science and Technology, Beijing University of Chemical Technology,

Beijing 100029, China)

Abstract. Current research on Binary Neural Networks is focused on the Feed Forward Model. However, the For-

ward Model cannot form backward links, which are a necessary part of memory structure and, therefore, it cannot

be used to solve sequential logic problems. This paper presents a Genetic Algorithm-based Binary Neural Network

Generator, whose capability of creating sequential logic neural networks is verified by two experiments: a double-

edge triggered counter experiment and a maze path covering experiment.

Key words: binary neural network; sequential logic; genetic algorithm; maze path covering



