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Modding o a chemical reactor with serial/ paralld neural networks

XU Xing-hua CAO Liulin
(College of Informetion Stience and Techrology , Beijing Universty of Chemicd Techrology , Bejing 100029 , Ching)

Abdract : Modding sudiesof complex nonlinear syssems by hybrid neurd networks are described in thispaper. The hy-
brid neurd networks ons< of linear dynamic neurd networks and nonlinear satic neurad networks. Usng such a hybrid
neurd network , the difficulties in traning a snge network can be decreased , and the slution for a nonlinear control
drategy can be reduced to lving for alinear sysem. Thus, this method overcomes the shortcomings of long training
time and lower accuracy observed for one sngle neura network. Both the serid and pardld neurd networks have been
used to modd a CSTR. A cormparin between the two hybrid neurd networkson the badsof the resultsobtainedis de
<cribed.
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