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! Fg.1 Schematic of compound fuzzy neura network
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Table 1 Dataof modd smulation
X £1) X 51) X él) X 4(11) X {2) X 52) X §2) z
1 4 2 3 4 0.003 4 0.2418 1.9831 2.314 0
2 3 3 3 1 0.049 2 0.4710 1.766 7 5.246 8
3 3 1 4 3 0.0015 0.199 4 1.992 2 1.978 0
4 2 3 1 4 0.005 1 0.267 4 1.974 8 2.547 6
5 2 2 3 5 0.000 5 0.153 1 1.997 2 1.685 1
6 4 4 3 2 0.063 9 0.502 9 1.700 4 5.805 0
7 1 3 5 5 0.001 2 0.188 6 1.9937 1.9030
8 4 1 3 5 0.000 7 0.168 0 1.996 0 1.770 7
9 5 5 3 4 0.196 0 0. 665 4 1.178 6 9.2128
10 4 4 3 5 0.009 9 0.3159 1.9512 3.055 4
x2 X z IF x{? islow and x5? islow and x{? is high,

THEN z islow
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IF x{? ishigh and x5? ishigh and x$? islow,
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Compound fuzzy neural networ k proposed
for modeling of nonlinear systems

HE Qian LI Hongguang
(College of Information Science and Technology , Beijing University of Chemicad Technology , Beijing 100029 ,China)

Abgtract : A type of compound fuzzy neura network that has a rule network and afunction network isproposed
in this paper for building nonlinear system models. Based on process knowledge, the process operation is parti-
tioned into a number of loca operating regions by the rule network , and the loca behavior of the processis ap-
proximated by the function network with improved fuzzy neura network structure. Smulation has been made
with a nonlinear model , and the results of which show that the conpound fuzzy neural network is better than
the ordinary fuzzy neura network in convergence rate and predication precison.

Key words: fuzzy neural network ; process knowledge; nonlinear system; modeing



